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THE RESEARCH AND SIMULATION OF NETWORK COMMUNITY
SEARCH ALGORITHM BASED ON CENTRAL DIFFERENCE ITERATION
ADJUSTMENT MECHANISM

TAO Shuo

(Department of Electronic Information, Maanshan Technical College, Ma’anshan, Anhui 243031, China)

Abstract: In order to solve the problems of node clustering in current network community search algorithms,
such as the complexity of search iterations and the difficulty of secondary update of community ownership, a
network community search algorithm based on the iterative adjustment mechanism of center difference degree is
proposed. Firstly, the overlapping degree of leader nodes is used to decide the initial community search, and the
difference between join nodes and leader nodes is matched to improve the speed of clustering formation and
reduce the search iteration process. In order to improve the accuracy of community discovery, the method of
constructing the interaction heat between the node to be added and the leader node is used to improve the
accuracy of community discovery. Simulation results show that the proposed algorithm has higher first success
rate in comparison with the Differential Iterative Threshold Decision Mechanism and Chaos Integration Forming
Iterative Mechanism which are commonly used in current network community search algorithms. The advantages
of fewer searches, shorter iteration period and clearer aggregation degree make it valuable for practical
deployment.
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Fig.1 Schematic diagram of network community
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Fig.3 The search process of node accuracy based on the

difference degree of interaction heat.
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Fig.4 First success rate simulation

33 BIRH

K5 s T A S SDITDHLH] . CIFIHLHIZE
AU T R AN N B R AR SR BN S S
BRI, A SOV 48 3 O IR 2 Ab T AR R 7K
“F-, DITDHLI CIFIHLHIF 25 2 (4% - 04 RE
IRBIERERRE o X S8 T A SCRIE I B T %
W, Ham 22 Ry SO WA AL X A T RE—
T REREEAF TR R ALE L, DR T B
B . DITDHLHIE 1L FE LA A%, W PRBE (138 W
PEECZE, 5 BT 2 A - B g SR I 244 X
PRS- CIFIPL BARBRAS AT — O, AR
T TR EER A —OOR BRI, — B
TE RIS PR UGIAT I GRS =
TR,

1600

1400

——A S FT ik A
1200 =o=DITDHLH]
1000 ——CIFIYLH]
X A

N
|‘|'|1;v 800

% ]
zSnEREECait

400

200 ‘

10 15 20 25 30 35 40 45 50 55 60

G A
K5 185U

Fig.5 Simulation of search times
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Fig.6 Iteration cycle simulation
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