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DENOISING METHODS BASED HYBRID THRESHOLDING EMPIRICAL
MODE DECOMPOSITION CLEAR ITERATIVE INTERVAL
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Abstract: Empirical mode decomposition is considered as a potential nonlinear and non-static signal denoising
method. The traditional empirical mode decomposition threshold denoising has the disadvantage of discontinuity
near zero. Kopsinis proposed the iterative EMD interval-thresholding and clear iterative EMD
interval-thresholding methods. However, the two methods are too sensitive to the threshold. That is, the slight
deviation of the interval extreme value may lead to the removal of the entire interval curve. Therefore, a hybrid
thresholding algorithm which combines the strengths of EMD-DT and EMD-IT methods is proposed in this paper.
Simulation results show that the denoising algorithm has good results.
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Fig.2 Denoising fruit graph with interval extreme deviation
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