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[ Abstract |

lution image through multiple low-quality and low-resolution image sequences. However, there are many problems

Super resolution reconstruction based on multiple images is the process of reconstructing a high-reso-

in the reconstruction algorithm based on multi-image resolution reconstruction. Aiming at these problems, a multi-
image super-resolution reconstruction algorithm based on PSyCo was constructed. Firstly, the image registration
based on ORB was performed on the low-resolution image sequence, and then the PSyCo reconstruction was per-
formed on the image after registration. Finally, the reconstructed image was fused with the maximum gray value of
the pixel. The experimental validation of algorithm shows the reconstruction quality is better than the traditional al-
gorithm and has a faster reconstruction speed.

[ Key words] super resolution reconstruction ORB features maximum fusion

PsyCo



