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Fig. 1 Big data mining location related principle diagram
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Fig.2 The experiment site map
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Research on NoSQL Distributed Big Data Mining Method
in Complex Attribute Environment

MEI Yi, XIONG Ting, LUO Shao-bin

( Department of Computer Engineering, Nanchang University College of Science and Technology, Nanchang 330029, P. R. China )

[ Abstract] Due to the complex attribute environment of data mining work need to involve the analysis of data,
cleaning, conversion and integration of a series of operation, resulting in past the complex nature of environmental
data mining methods can’t have good accuracy, stability and practicability, therefore, the property of the complex
environment NoSQL distributed data mining method was produced. Method using NoSQL database physical
distributed logic, build NoSQL database under the complex nature of the environment, the characteristics of
database data, location, direction and length property of the association mining and distributed, through mining
formula is given for the mining results. Using clustering formula for large data feature mining, position, direction
and length property of the association mining results are clustered to obtain the final mining results. The
experimental results show that the proposed method is of high accuracy, stability and practicability.

NoSQL distributed

[ Key words] complex attribute environment big data mining



