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Noise Cross Power Spectral Density Estimation Based on
Soft Speech Presence Probability

LUO Ying, ZENG Qing-ning“ , LONG Chao
(Key Laboratory of Cognitive Radio and Information Processing of Ministry of Education,
Guilin University of Electronic Technology, Guilin 541004, China)

[ Abstract] According to solve the problem of slow operation efficiency and inaccuracy of existing noise cross-
power spectrum estimation methods in the improved coherent filtering speech enhancement system, a noise cross-
power spectrum estimation method based on the soft speech presence probability is proposed. By calculating the soft
speech presence probability with fixed priors instead of voice activity detector to obtain the unbiased estimation of
the noise cross power spectrum to improve the accuracy of the estimation, and also avoid the calculation of the com-
plicated bias compensation, so that the algorithm calculates can be reduced. The experimental results show that the
proposed noise cross-power spectrum estimation method has better perceptual evaluation of speech quality score and
shorter computation time when applied to the improved coherent filtering speech enhancement system.

[ Key words| coherent filtering unbiased estimation soft speech presence probability Cross power

spectral density



