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Do
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Binary Particle Swarm Optimization Using
Average Information of Swarm

WANG Zhi-gang
(School of Mathematics, Nanjing Normal University Taizhou College, Taizhou 225300, P. R. China)

[ Abstract]  Particle swarm optimization using average information of swarm is presented based on Kennedy and
Eberhart’ s binary particle swarm optimization. The probability of the position vector depends on the values of the
average individual best position and the individual best position. The new algorithm can makes each particle use the
whole swarm information effectively. The test of function optimization and 0—1 knapsack problem show that this
new algorithm has a good speed of convergence, a high stability and performs better than BPSO and some modified
algorithms.
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Performance Comparison of WOFDM and Conventional OFDM
under Power Line Channels

HAN Yue,HEI Yong,QIAO Shu-shan

(Institute of Microelectronics, Chinese Academy of Sciences, Beijing 100029, P. R. China)

[ Abstract]  The performance of WOFDM and conventional OFDM under AWGN are compared , multi-path effect,
impulse disturbance and narrow band interference to decide which method is more appropriate for power line com-
munications. The simulation result shows that under AWGN and multi-path effect the two methods exhibit the simi-
lar performance. Conventional OFDM outperforms WOFDM under the impulse disturbance in time domain. But
WOFDM turns out better in the presence of the impulse disturbance in frequency domain and narrow band interfer-
ence.

[ Key words]  discrete wavelet transform fast Fourier transform orthogonal frequency division multiple-

xing power line communication



