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Fig. 1 The algorithm flow chart
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Table 1 The benefit grey matrix of the typical grey scene g'.g’
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Table 2 The benefit grey matrix of the typical grey sceneg’
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solution of grey matrix game based on interval grey number not to be

Decision-making Research of Gray Network of Games

ZHOU Xing-wang, CONG Fu-zhong, PANG Shi-chun

(Aviation university of air force, Changchun Jilin 130000 )

[ Abstract] Aiming at super game problem that there may be the “gray” and “poor information” problem, a
model based on grey network of games under the lack of information network was put forward, and put forward the
modeling ideas of grey network of games and its Nash equilibrium solution algorithm, and solved the grey uncertain-
ty problems in network of games modeling. Through macroscopic faith modeling, global grey scene and typical opti-
mization scene were generated , through micro belief equilibrium modeling, using possible degree analysis and parti-
cle swarm optimization to solve the Nash equilibrium. The feasibility and effectiveness of the grey game network al-
gorithm was finally instanced simulation to verify, its authenticity is good, and there is a high application value.

[ Key words| super game grey network of games Nash equilibrium possible degree analysis par-

ticle swarm optimization



