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Estimation of Pareto distribution parameter

under g-symmetric entropy loss function

SONG Li-xin™ ,

WANG Ming-qiu,

WANG Xiao-guang

( School of Mathematical Sciences, Dalian University of Technology, Dalian 116024, China )

Abstract: As an income distribution, the Pareto distribution has a very important practical value.

The shape parameter directly affects the balance of the income distribution, so it has extensive

applications in economy. Based on the ¢-symmetric entropy loss function, the minimum risk

equivariant (MRE) estimation and the Bayes estimation of the shape parameter of Pareto distribution

are studied. The Bayes estimations of a have a unified form [¢T + d ] ' with a proper I'-prior

distribution. The admissibility and inadmissibility of these estimations with different values of ¢ and d

are discussed. Furthermore, based on the ¢g-symmetric entroy loss function, the minimax estimation

of the parameter is given.

Key words: equivalent estimation; Bayes estimation; minimax estimation; admissibility



