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Application of PCA method to predicting protein subcellular location
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Abstract: The location of a protein subcellular is closely correlated with its biological function. With
the rapid expansion of protein databases, it is very important to design a powerful high-throughput
algorithm for predicting protein subcellular location. Many prediction tools have been designed based
on the pseudo-amino acid composition, and a data analysis method, principal component analysis
(PCA) method, is applied to determining in advance the optimal value of A which reflects sequence
order effects. Firstly, the parameter A is set to the maximum to contain more sequence order
information; then, PCA is employed to extract the essential features. Experimental results show that
the proposed method solves the above problem, and its performance is better than those of other

predictors.

Key words: protein subcellular location; principal component analysis; pseudo-amino acid

composition; k-NN classifier; BP neural network



