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Fig. 1 Recognition process of cascaded model
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Fig. 2 Architecture of hybrid cascaded model
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Chinese organization name recognition using
cascaded model based on SVM and CRF

HUANG De-gen” ,

Ze-zhong,

WAN Ru

( School of Computer Science and Technology, Dalian University of Technology, Dalian 116024, China )

Abstract: A cascaded approach of Chinese organization name recognition based on support vector

machine (SVM) and conditional random fields (CRF) is proposed. The simple organization name is

recognized in the first level with CRF, and the result is used to support the decision of the second

level. Then, a drive-based method is proposed in the second level for recognition of the complicated

organization name combining SVM and CRF. Finally, the results of the two levels are combined, and

a post-processing to correct those results with low confidence is adopted. The results show that this

approach based on SVM and CRF is efficient in recognizing organization name through open test for

large-scale real linguistics, and the recalling rate achieves 95. 02% and the precision rate achieves

94.

83%.

Key words: organization name recognition; conditional random fields (CRF); support vector machine

(SVM) ; cascaded model



