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1
Table 1 Studying and predicting samples of ANN model

o/ g em™? ¢/kPa o/ ° 0/ ° H/m
1 1.4 6 30 54 5 0100 10 10
2 1.6 6 31 7 5 0100 10 10
3 1.7 11 27 5 0010 10 10
4 1.7 5 28 6 0010 01 01
5 1.8 13 22 57 6 1000 10 10
6 1.7 19 27 74 4 0010 10 10
7 1.5 7 31 60 4 0010 10 10
8 1.6 6 33 73 6 0100 01 01
9 1.7 17 24 58 7 0100 10 10
10 1.5 19 20 60 8 0010 01 01
11 1.8 5 33 58 5 0001 10 10
12 1.6 15 28 56 5 0001 10 10
13 1.7 9 32 76 7 0010 01 01
14 1.5 17 34 40 5 0100 10 10
15 1.6 6 23 50 7 1000 01 01
16 1.8 12 24 3 8 0010 10 10
17 1.5 18 24 68 7 0100 10 10
18 1.7 23 21 65 7 1000 10 10
19 1.6 19 30 30 4 0010 10 10
20 1.7 7 23 60 5 0001 01 01
#21 1.7 14 33 55 7 0010 10 10
#22 1.6 18 23 50 6 0001 10 10
#23 1.6 12 23 65 8 0001 10 01
#24 1.7 8 35 70 7 1000 01 01
#25 1.7 19 27 55 7 0100 10 10
#

1 M . 1999 1-140.

2 J. 2002 2 229-232.

3 J . 2001 9 209-213.

4 J . 1995 4 54-61.

5 J. 2002 2 8-12.

6 . MATLAB M . 2001 1-333.

7 M . 1988 1-366.

8 M . 1999 1-298.

Artificial neural network-based bank collapse prediction model

WANG Yuan! CHEN Shang-xing' WANG Hua-an’
1. Geotechnical Research Institute of Hohat University ~Nanjing 210098  China
2. Guangdong Electric Power Design Institute  Guangzhou 510600 China

Abstract In consideration of many influencing factors and some difficulties in quantitative evaluation the artificial neural
network ANN -based bank collapse prediction method was adopted and its principle was introduced. By selection of 11
main influencing factors a bank collapse prediction model was established. Then 20 bank-slope models which were
randomly generated were taken as training samples and 5 random bank-slope models as testing samples the bank-slope
stability was predicted by use of the present model. The result shows that the ANN method can be used for bank collapse

prediction.

Key words bank collapse prediction artificial neural network ANN





