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Table 1 Network training samples Table 2 Network checking samples
/m /d /mm /mm /%
/m mm 11 2005-01 82.2 150 247 238 3.64
1 2004-09 537 o 45 12 2005-02 84.6 180 285 267 6.31
2 2004-10 61.9 5 77 13 2005-03 92.0 211 326 315 3.37
3 2004-11 66.7 28 151 14 2005-04 95.0 237 352 346 1.70
4 2004-12 79.8 119 175 15 2005-05 95.0 264 367 352 4.09
5 2005-01 82.2 150 247
6 2005-02 84.6 180 285 3.2
7 2005-03 92.0 211 326
8 2005-04 95.0 237 352
9 2005-05 95.0 264 367
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Table 3 Comparative analysis of predicted results
a. BP
/mm / Vi y . /
BP /um % /mm % e
1 2005-06 371 357 3.77 363 2.16 350 5.66
2 2005-07 406 381 6.17 392 3.45 370 8.87
3 2005-08 455 430 5.49 441 3.08 411 9.67
4 2005-09 498 484 2.81 487 2.21 473 5.02
BP 5 2005-10 628 609 3.03 614 2.23 596 5.10
6 2005-11 638 615 3.60 612 4.08 598 6.27
b.
BP
BP
BP
J. 2005 38 6 24-28.
J. 1999 20 2 27-31.
.MATLAB M . 2003 80-100.
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Application of neural network model to prediction of
settlement deformation of rockfill body of CFRD during construction period
LI Jin-feng' > YANG Qi-gui® XU Wei-ya'

1. Geotechnical Research Institute of Hohai University ~Nanjing 210098  China
2. Design Institute  Changjiang Water Resources Committee  Wuhan 430010 China

Abstract Based on analysis of the influencing factors on the settlement of concrete face rockfill dams CFRD  during the
construction period a BP neural network model for settlement prediction was developed. In the model the main
influencing factors on settlement were taken as the input parameters of the network and the settlement at measurement

points was taken as the output of the model. Case study on Shuibuya CFRD shows that the predicted result is much close

the measured data and that the neural network can well reflect the nonlinear relationship between the settlement

deformation of CFRD and its influencing factors. The predicted result can provide a basis for feedback design of concrete
filling at the later stage and the influence analysis of each factor on the settlement could be made by adjustment of input

parameters of the network.

Key words concrete face rockfill dam CFRD  settlement neural network prediction





