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Abstract; Due to the inhomogeneous density of CT medical image, the segmentation model
based on the local fuzzy clustering method and Chan-Vese model is investigated. This segmen-
tation model makes full use of the spatial fuzzy c-means (SFCM) algorithm ,the local region in-
formation ,and local Chan-Vese model. The curve evolution is realized by minimizing the energy
function. SFCM algorithm is convenient for controlling level set evolution and calculation con-
vergence ,and the local image information can improve the quality of segmentation. Moreover,
the segmentation model considers the effectiveness of segmentation and high efficiency to re-

duce the time complexity of the algorithm. Thus,the segmentation model gets more precise re-
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sult of image segmentation for the inhomogeneous density of CT medical image.
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Fig.1 Segmentation results of CT liver cancer
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Fig.2 The segmentation results on multiple liver cancer
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Fig.3 The segmentation results on the kidney image
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Fig.4 The segmentation results of a lung image
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Fig.5 The segmentation results of CT liver tissues with intensity inhomogeneity
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Fig. 6 The segmentation results of CT cerebral tissues
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