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Kernel Quadratic Inference Function Method for
Varying-coefficient Model

LI Jingru, QIAN Weimin
(Department of Mathematics, Tongji University, Shanghai 200092,
China)

Abstract; Following the idea of the quadratic inference
function (QIF), a kernel quadratic function method for
varying-coefficient model with longitudinal data was proposed
polynomial
approximating the working correlation with a serious of basic

by using local smoothing method and
matrices in the generalized estimation equation. The
asymptotic normality of the estimators of the coefficient
functions was proved. This method improved the performance
of the estimators by widening the bandwidth in order to plug
in the correlation within subjects to the local area, which
won’ t lead to an “over fitting” phenomenon. An applied
method was also proposed to choose QIF bandwidth in the

simulation.
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Tab.1 The ratios of Mo, , MADErﬁqm to Mypg, 30

respectively
R h
0.4 0.8 1.2 1.6 20 2.4
1 1.078 0.98 1.00 1.04 1.00 0.98
Mape, 2 109 0.94 0.85 0.8 0.87 1.03
" Maoe, ;O 3 .25 1.05 1.06 0.96 0.92 0.9
N=100 4 116 1.21 105 0.99 0.97 1.02
5 0.99 0.99 0.89 0.98 111 1.25
1 .10 0.99 0.94 0.99 110 1.21
 Maokfgge 2 110 0.95 0.91 0.98 1.13 1.25
T Mapep© 3 0.95 0.90 0.93 0.96 106 115
N=100 4 .06 1.05 0.98 0.99 1.06 1.16
5 .06 0.93 0.99 1.13 1.30 1.44
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=2 R ho howe | BB5 R ho hQrrs
1 1.03 1.53 1.80 11 0.8 1.53 1. 80
2 1.01 1.53 1.62 12 1.11  1.35 1. 80
3 0.93 1.53 1. 80 13 1. 00 1. 62 1.71
4 0. 89 1.35 1.35 14 0. 89 1.44 1.71
5 1.28 1.62 1.53 15 0.92 1.62 1. 80
6 0.93 1.53 1. 80 16 1.04 1. 80 1.53
7 0.95 1.44 1.80 17 1.01 1. 53 1. 62
8 1.20 0.99 0.90 18 0.90 1.44 1. 80
9 1.17 1.8 1.71 19 1.03 1.62 1.44
10 .15 1.26 1.35 20 0.97 1.62 1. 80
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