%51 B 12
2023 4F 12 H

] f K “F 2 4 CH R B R0
JOURNAL OF TONGJI UNIVERSITY (NATURAL SCIENCE)

Vol. 51 No. 12
Dec. 2023

NEHS . 0253-374X(2023)12-1972-11

DOI: 10. 11908/j. issn. 0253-374x. 22166

T [m) 25 e 1 B R B BR 5K B4 i R SR AN 7 7R X B

i dF, BERA, £9%

(FIPFRF 5 B TR, LI 201804)

R FERL U AR DN 7 1 Bl X 22 eV R 2 i
SEPARE) 3 AT BHE L AR 22 R R RLSFORN 325 PP R 50 7 vk
A TR 3 5 B St ARG T 3% , A 1 i AL 8 0
IR BEFER b, 1 OCHR R A BRI RIS R e AR R O
JE BOME S, S BT A B e O T A e ARG, 2 AT 30 e 5
BF L T AN R SR A AN T EE TR RE . SEIRA R AR AR
[l SR BE RIS DL, A ) SRR (L BAN AL B PERE AN ], BT 4
H BT AT R R AR RN 2 B e PR AR A A Bl

SRR B TR P 5 S (ARG 5 SR 5 5 BRI (I AN ik
hESES. TP311.1 NHEAFRERD . A

Comparison of Imputation Methods
Based on Missing Value Detection for
Multidimensional Feature Data

QIAO Fei, ZHAI Xiaodong, WANG Qiaoling

(College of Electronics and Information Engineering, Tongji
University, Shanghai 201804, China)

Abstract:

missing value detection methods are not comprehensive

Aiming at the problems that traditional

enough to analyze the multidimensional feature data and it
is difficult to select the most appropriate missing value
algorithm among numerous methods, this paper first
designs a missing value detection method and then
proposes three different concepts of missing degree to
achieve the comprehensive detection of the data with
multidimensional features. On this basis, it compares and
analyzes the performance of different missing value
imputation methods. The results show that the proposed
detection method can evaluate the data with
multidimensional features effectively and provide basis for

the selection of missing value imputation methods.
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Fig. 1 Flowchart and pseudo-code of missing value

detection
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missing value detection
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Fig. 4 Diagram of three missing degrees
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