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Prediction of Internet Coupon Usage Based on Gradient Boosting
Decision Tree Model

LU Ping, CHEN Xiao-tian "
(China Center for Information Industry Development, Beijing 100846 ,China)

[ Abstract] The online business and the offline business of physical stores are being more closely integrated. In-
ternet online coupons can play a role in improving the user experience and promoting re-consumption. Gradient
boosting decision tree and random forest model were built to predict the usage of internet coupons and rank the im-
portance of influencing factors. The results show that the average test accuracy and area under curve value of gradi-
ent boosting decision tree algorithm are 0. 804 and 0. 886 respectively, which are higher than those of random forest
and decision tree algorithm. The discount rate of the coupon plays the most important role in use of coupons. The
distance between the place where the user often moves and the nearest store of the business, the day on which the
coupon is received have an important influence on the use of coupons.

[ Key words] internet coupons gradient boosting decision tree random forest prediction



