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Multi-objective semantic segmentation based on PSPnet with
attention mechanisms

ZHANG Shuai, YANG Chunxia’
(College of Information, Mechanical and Electrical Engineering, Shanghai Normal University, Shanghai 201418, China)

Abstract: A pyramid scene parsing network (PSPNet) with MobileNetV2 as enhanced feature extraction network was adopted to
achieve semantic segmentation of images in complex scenes. Compared with the deep residual network ResNet50 and
MobileNetV1, linear bottlenecks and inverted residuals were introduced and the pyramid pooling module (PPM) was used to
process the image feature information of different layers and to feature stitching, which could avoid missing key feature
information between sub-regions under different segmentation sizes effectively. On this basis, the attention mechanism module
was introduced to further improve the segmentation accuracy by combining the channel attention mechanism (CAM) with the
spatial attention mechanism (SAM). The experimental results verified that the method could achieve the expected goals, improve
the accuracy of image recognition and reduce the training time.
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